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A Study on the Learning Method for Induction Motor Trajectory
using a Neuro-Fuzzy Networks
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Abstract

A learning method for induction motor trajectory
using neuro-fuzzy networks (NFN) based on fusion of
fuzzy logic theory and neural networks is proposed,
The premise and consequent parameters of the NFN
affecting the controller’s performances are modified
during the learning stages by the proposed learning
method to implement an optimal controller only with
pre-determined target trajectory and the least amount
of knowledge about an induction motor, The induction
motor position control system is simulated to verify
the effectiveness of the learned NF controller(NFC).
The simulation results shows that the proposed
learning method has good dynamic performance and
small steady state error,
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