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Nonlinear Feedforward Compensation of BLDDM
Position Control using Neural Network

Kyeong-Hwa Kim, jung-Hoon Lee, Jong-Sun Ko and Myung-Joong Youn
Department of Electrical Engineering’
Korea Advanced Institute of Science and Technology

Abstract A robust position tracking controller of the
BLDDM sensitive to the load torque disturbance and inertia
variation is constructed. It is consisted of the linear feedback
controller and the nonlinear fedfprward compensator using
the neural network. With eflective feedprward compensation
of neural network, the robust position control can’ be
obtained, which is verifed by computer simulations.
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