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Multi-Objective Optimization Technique Using Genetic Algorithm
and Its Application to Design of Linear Induction Motor
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Abstract

This paper presents a new method for multiobjective
optimization using Genetic Algorithm-Sexual Reproduction
ModellSR model). In SR model, each individual consists of
chromosome pairs. Scx cells{gametes) are produced through
artificial meiosis in which crossover and mutation occur, The
proposed method has two selection operators, one, individual
sclection which selects the individual to fertilize, and the
other, gamete selection which makes zygote for olfspring
production. The two scleclion schemes are repeclively
conducted according to different fitness{or objective) function
and consequently give a solution which is unbiased to any
objectives. We apply the proposcd method to optimization of
the design parameters of Linear Induction Motor(LIM) and
show its effectiveness.
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