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ABSTRACT

The main purpose of this paper is to verily the
effectiveness of e a high resolution direction finding meihod,
so called the 'averaged MUSIC". This method uses a new
sample array covariance malrix that consists of diagonal
components obtained by laking averages of the diagonal
component values of the sample covariance matrix for the
MUSIC.

This paper shows that the proposed method performs
higher resolved direction-of-arrival estimation and better
resolution probability than the MUSIC in such cases as low
stgnal-ta-noise ratio, when the number of sensers used is
finite. based on the statistical analysis,
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