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Abstract

An adaptive EEG waveform detection is presented. The
method is based on a layered process model, The model allows
the bilateral information exchange across the layers. The
cri;.eria for the waveform detection and epoch-wise
classification can be adapted according to the higher layer
context information embedded in a wider range of adjacent
signals, The designed system is experimentally tested to show

the édaptive operation of the waveform detection,
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Fig. 1. Threshold gain function.

B(F)

T ] —
I

-0.47 !
Fvin | | F..,.,,x P

Iy 2 FdFule g oyt Fube
threshold 3} 4
Fig. 2. Frequency threshold adaptation function.
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Fig 5. Examples of the rules for one minute epoch
classification.
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Fig 6. Examples of five minute context pattern
classfication rule.
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Fig. 8 Illustrations of the adaptive detection of spindles.
(a). Example of the false positive detection before the
detector converges to the fixed threshold level.

(b). After a certain amount of time ellapsed, the adaptive
detector shows the identical output with the fixed
threshold detector

(c). The detector shows the improvement over the fixed
threchold detector by the adaptation of the threshold
parameters, resulting in less false positive detection.
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