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The Design of Neural Network Adaptive Control System
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ABSTRACT

The neural network MRAC system is
presented. The purpose of this paper is
applied to a plant that is to be controlled in a
strongly nonlinear enviroment. The proposed
sytem has a learning and adaptive ability in
the varying enviroment by using the
back-propagation learning algorithm based on
Lyapunov stability theory. N.N. regulator is a
part of overall system and is guaranteed to
be stable in initial stage. Nonlinear terms of
the varing mass, colilori, centifugal, and
gravity are compensated for by feedforword
N.N. regulator. And the feedback controller
(adaptive mechanism) works to eliminate
errrors of position, velocity which the
feedforword controller cannot compensate for.
Finally, the proposed systéem will be
demostrated by simulation of a two d.o.f.

robot manipulator.
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