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A Study on Implementation of a Real Time

Learning Controller for Direct Drive Manipulator

Jong Wook Jeon”, Hyun Sik An’, Mee Seub Lim®™, Kwon Ho Kim™, Kwang Bae Kim", Kwae Hi Lee"

* Dept. of EE. Sogang Univ,, ** KIST Contro! Systems Lab.

Abstract

In this thesis, we consider an iterative learning
controller to conrtrol the continuous trajectory of 2 links
direct drive robot manipulator and process computer
simulation and real~time experiment. To improve control
performance, we adapt an iterative learning control
algorithm, drive a sufficient condition for convergence
from which is drived extended conventional control
algorithm and get better performance by extended learning
control algorithm than that by conventional algorithm
from simulation results. Also, experimental results show
that better performance is taken by extended learning
algorithm. '
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