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Design of tracking conrtroller Using Artificial Neural Netrork &

conparison with an  Optinal

Young-Moon Park

Tracking Controller

Gue-Won Lee  Myoen-Song Choie

Seoul National University

ADBSTRACT This paper proposes a design of the tracking conrtroller using
artificial neural network and the compare the result with a result of optimal
controller, In practical use, conventional Optimal controller has some limits.
First, optimal controller can be designed only for linear system, Second, for
many systems state observation is difficult or sometimes impossible. But the
controfler using artificial neural network does not need mathmatical mode! of
the system including state observation, so it can be used for both linear and
nonlinear system with no additional cost for nonlinearity, Designed multi
layer neural network controller is composed of two parts, feedforward controller
gives a steady state input & feedback controller gives transient input via
minimizing the quadratic cost function,
From the comparison of the results of the simulation of linear & nonlinear
plant, the plant controlled by using neural network controfler shows the
trajectory similar to that of the plant controfied by an optimal controller.
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