3% €8 AW o8 ¥ Jdgryd BY A7

2R <8 AFLE o8 ¥ YYEY)] U A7

A Study on the Segmentation of Lung Region

using Competitive Recurrent Neural Network
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i = index of Hl Nodes, j = index of IN Nodes,

k=index of HC Nodes

Xi(t) = Sigmoid(NET:(t))

NETi(t) : AJZE tol M s} x=of2e 3 oY
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C2(t) = C1{t-1) (2-2)

t= number of frames for scanning
a=0.6, 8=0.2, 7=0.2
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ACLL(t) = ACl.(t) / Number of Loser Node (=6)
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