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Abstract

Mathematical modeling is majorly divided into three

parts: the derivation of models, the fitting of models to

data, and the simulation of data from models. This paper
focuses on the parameter optimization which is necessary
for the fitting of models to data, The method of simula-
ted annealing(SA) is a technique that has recently attra-
cted significant attention as suitable for optimization

problem of very large scale, If the temperature is too

high, then some of the structure created by the heuristic
will be destroyed and unnecessary extra work will be
done. If it is too low then solution is lost, similar to

the case of a gquenching cooling schedule in the SA phase.

In this study, therefore, we propose a technique of det-
ermination of the starting temperature and cooling sched-

ule for SA phase,
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Traveling Salesman Problem

solved by simulated annealing
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Traveling Salesman Problem

solved by simulated annealing
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