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Abstract

In this paper an recursive version of orthogonal ARMA
identification algorithm is proposed. The basic algorith-
m is based on Gram-Schmidt orthogonalization of auto-
matically selected basis functions from specified function
space, but does not require explicit creation of orthogonal
functions. By using two dimensional autocorrelations and
crosscorrelations of input and output with constant data
length, identification algorithm is extended to cope slowly

time-varying or order-varying delayed system.
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