kil

od s, 2 Wids, W Tder, of Y
sURICIER AxANY L, wePdcitn AxpUz

hn Implepentation of Comnectionist Expert System

°H.S.Kwon¥, B.S.Kiws, H.Y.Kwonss, S H. Leess
¢ Dept, of Computer Science, Hallym Univ,
*% Dept, of Electronics Engineering, Kangwon National Univ.

ABSTRACT

To resolve the knowledge acquisition bottleneck in the
expert systems, the connectionist expert systems have
been proposed, which facilitate learning capability of
neural networks,

This paper is to modify Gallant’s connectionist expert
network so that it can be applied to more general
problems : .
1) The hidden nodes are added between the input nodes
and an output node, so that the back propegation
learning algorithm is used instead of perception based
Pocket algoritha.

2) Inference engine is thus modified by modeling that a
node may have uncertainties due to unknown inputs,
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do{
for all output nodes in network
{
for all hidden nodes
that connected with output node
{
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h h .1
1pj=f(NETpj)=2.0/(1.0+exp(-NETp;))-1.0:
}
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Opk=2.0/(1,0+exp(-NETpk })-1.0:
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}

} until (Ep < MAXERROR):
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do{

for all output nodes in network
{
for all hidden nodes that associated
with each output node
{

h h h
MING =ZWji-ai+ Z Wi l:
known . unknown
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h b b
MAX; =ZWji-ai-ZIWsil:

known unknown
}

° h b
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° b h
MANKk =% max[Wxj- f(MINj+0;), Wiy £(MAX)+65)]:
}

}
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do{

for all output nodes in network

{

°

if (MINg > r-1(threshold)) then conclusion=1:

o
else if (MAXk ¢ f-1(-threshold)) conclusion=z-1:

\ else conclusion=0:
}
}
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1: Swollen feet

2: Red ears

3: Hair loss

4: Dizziness

5: Sensitive aretha
6: Placibin allergy

Enter initial values for input variables.

Format: Variable number,value,...

PURSUING: (26) Posiboost

PURSUING: (21) Placibin

Is the patient allergic to Placibin?
-=> y)es,n)o,u)nknown, ?)explain,

n

PURSUING: (21) Placibin

PURSUING;(23) Supercilliosis

Does the patient have swollen feet?
-=> y)es,n}o,u}nknown,?)explain.

n

CONCLUDE: (13) Supercilliosis I§ FALSE
PURSUING: (26) Posiboost

PURSUING: (21) Placibin

PURSUING: (14) Namastosis

Is the patient suffering from hair loss?
--> y)es,n)o,u)known, ?)explain,

¥

CONCLUDE: (22) Biramibio IS FALSE
PURSUING: (21) Placibin

PURSUING: (14) Namastosis

Is the aretha sensitive?

--> y)es,n}o,u)nknown, ?) explain.

y

CONCLUDE: (14) Namastosis IS TRUE
CONCLUDE: (21) Placibin IS TRUE
CONCLUDE: {26) Posiboost IS TRUE

Vould you like to try a new case?
--> y)es,n)o,?)explain
a9

Enter '@’ for explaining of the

last question.
Enter '4#' for explaination of
variable number(:ex. '5')
13

Supercilliosis IS FALSE
due to the following rule:

IF Swollen feet IS TRUE.
IF Red ears IS FALSE.

Would you like to try a new case?
--> y)es,n)o,?)explain
n
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