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Improved algorithm for learning speed by
using the slope of activation function
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ABSTRACT

Al though \the back-propagation(BP) algorithm is widely
used for its simple structure and easy learning method,
it has a drawback of slow convergence rate,

In this paper, we propose an a]éorithn to improve
this problem by manipulating the slope parameter of the
activation function,

The steepest descent nethoa is used in learning the
slope parameter, as in the case of weight,

The simulation shows that the learning rates of the
proposed algorithm i{s faster than the conventional BP
algoritha,
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