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ABSTRACT

In this paper, we proposed an algorithm for the
musical note recognition, Firstly, a given bit-mapped
music score image is converted to a set of individual
note pattern images via vertical projection. Then, the
pitch of a note is determinal by comparison in the
note-head position with the reference five-lines. Also,
the length of a note is found via leader clustering with
a set of normalized note patterns. Finally, a datafile
to play the music is obtained using the pitch and length
of musical notes,

Experimental results with a simple musical score
image show that the proposed scheme is performed well.
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