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Abstract

A new algorithm is proposed to identify the
structure and the parameters of the nonlinear
discrete-time plant with only the unknown dynamics
and the weak informations about its structure, The

proposed elgorithe is constructed with the
compensation method of weghing values using its
previous derivatives and with the efficient

technique updating self-learning coefficients, The
result in this application is thought to prove the
effectiveness of the algorithm proposed in this
paper and its superiority to the conventional ones,
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