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Abstract

In this paper, it is proposed to improve the robustness
of the Fast Recursive Least Squares(FRLS) algolithas with
the exponential weighting, which is an important class of
algolithms for adaptive fiitering It is well known that
the FRS aigolitha is numerically unstable with
exponential weighting factor x ¢ 1.

However, introducing some gains into this algolithms,
nuperical errors can be reduced. An accurately choice of
the gains then leads to a numerically stable FRLS
algolitia with a complexity of 8s mulitiplications and
we shomn it by computer simulations, -
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