91 s FASEWE =8 1991 11 22

oltd=T7 FEa= 73

44 g

e mETE dA

°olF X

Asttiga ¥7) etz

Modular Design of Analog Hopfield Network

Sung-Soo Dong, Seong-Beom Park, Chong-Ho Lee

Dept. of Electrical Eng,

Abstract

This paper presents a modular structure design of
analog Hopfield neural network, Each multiplier
consists of four MOS transistors which are connected to
an op-amp at the front end of a neuron. A pair of MOS
transistor is used in order to maintain linear operation
of the synapse and can produce positive or negative
synaptic weight, This architecture can be expandable to
any size neural network by forming tree structure, By

altering the connections, other nework paradigms can

also be implemented using this basic modules, The
stength of this approach is the expandability and the
general applicability, The layout design of a

four-neuron fully connected feedback neural network is
presented and is simulated using SPICE. The network

shows correct retrival of distorted patterns,
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