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A study on the Electrical Load Pattern Classification and Forecasting
using Neural Network
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The Application of Artificial Neural Network(ANN:
to forecast a load in a power system is investigated,
The load forecasting 1s important in the electric
utility industry. This technique , methodology based on
the fact that parallel structure can process very fast
auch Information is a promising approach to a load
forecasting, ANN that is highly interconnected
processing element Ln a hierachy actlvated by the each
input,

The load pattern can be divided distinctively into
two patterns, that is, weekday and weekend. ANN is
composed of a input layer, several hidden layers, and a
output layer and the past datas is used to aclivate
input layer. The output of ANN is the load forecast for
a given day. The result of this simulation can be used
as a reference to a electric utility operation.
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