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ABSTRACT: A new method to control
by neural networks is proposed.
composed of both PD
network-based feeforward controller,

a robot manipulator
The controller is
controller and a neural
MLP(multi-layer
perceptron) neural network is used for the feedforward

controller and trained by BP(back-propagation) learning

a

rule, Error terms for BP learning rule are composed of
the outputs of a PD controller and the acceleration
errors of manipulator joints. We compare the proposed
method with existing ones and contrast performances of
them by simulation. Also, We discuss the real
application of the proposed method in consideration of
the learning time of the neural network and the time

required for sensing the joint acceleration,
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sampling time: T =5 (ms):
mass of link: m =8 (Kg): mz = 5 (Kg):
length of link: 1) = 0,7 (m): 1z = 0.5 (m):
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(k-d)th Sensing of Accel, *2 (k)th ATC*L{(k)th FFT + (k)th FBT]
| |
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