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Unsupervised Learning Control using Neural Networks
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Abstract

This paper is to explore the potential use of the

modeling capacity of neural networks for control

applications., The tasks are carried out by two neural

networks which act as a plant identifier and a system

controller, respectively, Using information stored in

the identification network control action has been

developed. Without supervising control signals are

generated by a gradient type iterative algoithm,
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Fig. 1. Structure of neural network.
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Fig. 2. Architecture of unsupervising neural network and

control
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Fig.3., Structure of identification neural network.
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Fig.4, Control method using comtrol action error,
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action error,
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Fig.6.Control method using compensated control

action error twice,
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