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Abstract
In general, the fusion of neural network and fuzzy
logic theory is based on the fact that neural network and

fuzzy logic theory have the common properties that 1) the

activation function of a neuron is simuilar to the
membership function of fuzzy variable, and 2) the
functions of summation and products of neural network are
similar to the Max-Min operator of fuzzy logics. In this

fuzzy-neural network will be proposed and a
of the gripper,

fuzzy-neural network, will be presented. The effectiveness

paper, a

force controller rabot utilizing the
of the proposed strategy will be demonstrated by computer

simulation.
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