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« ABSTRACT =
A Study on Nuenal Nodel of Conoept Retrieval
Yong~hoon kaunh - Sang-Hui Park

In this paper, production systes is inplesented’

with the inferential neural network model wusing
semantic network and directed graph. Production systea
can be implemented with the transform of knowleage
representation in production system into semantic
network and of semantic network into directed
graph,because directed graphs can be expressed by
neunal matrices. A oonocept node shoud be defined by the
state vectar to calculate the concepts expressed by
matrices. The expressiomal ability of neunal network
depends on how the state vector is defined. In this
study, state vector is overlapped and each overlapping
part acts as a inheritant of concept.
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