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ABSTRACT

A back-propagation neural network based system for
a fault diagnosis of a chemical process is developed.
Training data are acquired from FCD(Fault-Consequence
Digraph) model. To improve the resolution of a diagnosis,
the system is decomposed into 6 subsystems and the
training data are composed of 0,1 and intermediate values.
The feasibility of this approach is tested through case
studies in a real plant, a naphtha furnace, which has been
used to develop a knowledge based expert system, OASYS
(Operation Aiding expert SYStem).
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