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(A study of broad board classification of korean digits
using symbol processing)

Lee Bong Gu®,Lee Guk , Hhwang Hee Yoong

Seoul Nat’

abstract

The object of this paper is on

the design of an broad board

classifier for connected. Korean

Qigit. Many approcaches have been

applied in speech recognition

systems:

parametric vector

quantization, dynamic programming
and hiden Markov model, In the 80’s

the neural network method, which

is expected to solve complex
speech recognition problems, came
back. We have chosen the rule based
system for our model. The phoneme-
groups that we wish to classify are

vowel_like, plosive_like

fricative_like, and stop_like.The
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data used are 1380 connected

digits spoken by three untrained

male speakers. We have seen 91.5%

classification rate,
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2.1) &4 A& (digitizing data)

Adell A3 RAEE 0-9 729 & Ze4, 10-
99 ZAls] F Aelps BE E¢A7Z, 100 - 999 7
219 Mzelsh 1000 - 9999 7tA 8] Wxpe|fE BF X
TAIZ)A) sk RGF( randon generatP function) & 184t
of Mzatelg 10070, viztele 20703 d9sislct, olg
Al a2elzl £35S 230 (1el4 1000, 2xal4
9074, 3xtel4= 1004, izl 2070) 7} siRich,

ol¥ &4 slojel= dAlZ elo]xol AAsictst
7)ol oy L sojy da
ohdga/calg Hurl2e IS

ohtz /Ay d
Yoll Ay,

(Interactive laboratory sysfem)& A}23i%ic). ILSE

opgzasdAt, daig/ehdza WE o 71E FA4
B ¥4, 2¥=3 §4, iy, dlelet #Y ZHES
B ool ol $9¢ ¢ e WAH eI, ol
ILSel sl S-S UG 32T Tl 12N F2H
tangel Agec, of & thojetsl 27)E 10-100Kutol
HEoln} @ Za U] EEiE 128 ¥ e
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F4% A%2 B9 AMAE 249 24 We
& Agetodobtteh. orlojdE 49 K4S wnH
& BQUCR 474se oie duidst dmag, oy

g oA, E2tEd &4 A3 FPHFR Y
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e Madelzz ¥ e Ax=(symbolic

F4H 5%

description system)& 2xe] F4 A (Raw Speech
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d("energy”, "narrowpeak”,begin, end)
d("energy”, "widepeak®,begin, end)
d("energy”, "narrowdip”, begin,end)
d("energy”, "widedip” begin, end)

d("energy”,"stable”,begin,end).
U, dadg.

d("zer","high",begin, end)
d("zer®,"middle" ,begin,end)

d('zcr','low',belin,end);
o}, Exate(] & 2)

d("formant1"™,"stable”,begin,end)
d("formant1”®, “transient” begin, end
d("formant1™,"decreasing”,begin,ena),
d(*formant2”,"stable”, begin, end)
d("formani2”,"transienl”,begin,end)

d("formant2”, "decreasing”,begin, end).

2, gAY, (cah)

d("cgraph”,"highpesk”,begin, end)
d(“cgraph”,” lowpeak”,begin, end)
d(“cgraph”,"deepdip”,begin, end) ,
d("cgraph”,“shallowdip”, begin,end).
d("hgraph”,"highpeak” begin,end)
d(*hgraph”,” lowpeak® begin, end)
d("hgraph”,"deepdip™,begin, end)
d("hgraph”®,"shaltowdip”,begin,end).
d("hgraph”,"deepdip”,begin, end)

d("hgraph”,"shallowdip",begin,end).
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AEHog, X dTMAE ol S42| B
A4z Eysts A Ed Alags xddd 29
A% 7z 29 AFHR AdT YEAd. a2,
¥ dPolie Al SRR HABE Teiso] YE
& FARY Aol FALS HolR¥ 4T A3
RE Ao gEel A TRHY Mol Y SE °
Qich, webd, Boh xnAel $RHE Adde g
Edsed o4, S99, S84, uBHY &
A2 meshe ol ol 477t shol Hsolok ¢
Ho|of olejtt A7 AHHY FAY4 ANA@AES
A2 e U e hjd A% EY A2D(symbolic
description system)oll g d73A2 ¢lolc}.
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