P ) PR

2] e o)

88 FHstacHE|

’88—L—3

=l -= o
= ot

=1 -8 -2 =
<3 =

Ui, ARL, B2, o0]4F, P2Y, TFE

LR L e

LRI RIS

Identification of moving targets based on reflection coefficients
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Abstract
This paper deals with signal processing and
pattern recognition for the pulsed doppler radar,

In order to identify the class of moving targets
detected by radar,

utilized to extract

linear predictive analysis is
reflection coefficients of
sach radar signal as features, and Bayes decision

theory is applied to classify them.
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