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ABSTRACT

Load forecasting is an important issue as for the economic
dispatch and there have been many researches which are
classfied into two classes, time series method and factor
analysis method. But the former is not adaptive for a sudden
change of a correlated factor and the latter is not inefficient as
the factor estimation is not easy. To make matters worse, both
of them are not good for the estimation of special days. It is
because the load forecasting is not a problem modcled precisely
in mathematics, but a problem requires experience and
knowledge those can solve it case by case. In this viewpoint, an
expert system is proposed which can use complicated experience
of an expert by use of fuzzy decision.
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