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Abstract- The quadratic cost tunction J(x) and
the normaligzed residuals ry are conventionally
used for identifying the presence and location of
bad system state

estimation. These are “post estimaton"teats and

measurements in  power

therefore require the complete re-estimation of
system states whenever bad data is identified.
This paper presents a pre-filter for reducing
errorg of the raw measurements using an adaptive
filter. Each measurement is processed by the
adaptive filter before being used in the state
estimation.

The performance of the adaptive filter is tested
and the resulte are shown in this paper.
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