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As the power facilities grow up, the optimal oper- Halz AR xAbeie] A -gstvle] ol&Frt.
ation and the best maintenance of power plant can not ol HYAEEA FaPsts Aol EoflolAl
be overestimated too much, which can enhance the Folxl B2
plant availability and reliabitity much further. @ IUTAe] nzAlzbel chugt AT 7]AAY
In this respect, fault diagnosis methodologies of Hle] gEcdttg F¥ UBH 2E&E Bolstn 4]
dynamic system which is time-varing and strongly non- Adol o2t e nzslel] Subeia 87 &7
linear have been studied. e ashe obY .y z]4ste] Zoisy stm e
On of them is to use algorithm which is based on o,
time-invariant, linear system, but this is not so nice @ wHae T8 w4 (58] 48, FIUHA) o
a method for applying to power plant. Frelx waa o] SgWANE el wWHae A2
Therefore, the study on other technigues using Arti- Al ml aabxigle] dastdl =Hola,
ficial Intelligence (A1) is under way. Q@ AEER MET7lextsd HdHA, ooz A
In this paper, the existing ways of fault detection 2 Azbde] MR FAHSel Weg: A,
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are surveyed and their problems are aiso discussed.
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