1988418 WMHE - M1 1

BiikE WX%E 88/7

A7 A2

76' A Sn $ 2 ué'{ ¥ OI Aa“"%’r OI tgﬂ
MEHUYR FFHCY A &5t

o &% BE AY WA BL A3

A Stﬁdy on The Visual Ipnspection of Fabric Defects

Kye Hyun Kyung, Myoung Sam Ko, Sang Uk Lee, Bum Hee lLee
Dept. of Control & Instrumentation Eng. College of Engineering.
Seoul National University

ABSTRACT

This paper describes an automatic visual inspec—
tion system for fabric defects based on pattern
recoguition techniques. The inspection for fabric
defects can be separated inte three sequences of
operations which are the detection of fabric de-
fects([1], the classification of figures of fabric
defects, and the classification of fabric defects.
Comparing projections of defect-detected images
with the predefined complex, the clagssification
accuracy of figures of fabric defects was found to
be 95.3 percent. Employing the Bayes classifier
using cluster shade in SGLDM and variance in deco—
rrelation method as features, the classification
accuracy of regional fJgure defects was found to be
82.4 percent. Finally, some experimental results
for line and dispersed figures of fabric defects
are included.
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