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Abstract

K-means iteration method is gemerslly used for creating
the templaies in  spesker-independent isolated-word
recognition system, In this paper the initializalion methoed
of initial centers is proposed. The concepls are sorting
and trace segmentaiion, All the {okens are sorfed snd
segmenied by trace segmenfsiion so that initial centers are
decided,

The performance of this method is evaluated by
isolated-word recognition of Korean digits. The highest

recognition rale is 97.6%.
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