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Study on ARMA Spectrum Estimation using Circular Lattice Filter

Chang Young—soo*

ABSTRACT
In this paper, a new ARMA spectrum
estimation algorithm based on Circular Lattice
filter is presented.

Since ARMA model is used in signal modeling,
high-resolution spectrun can be obtained. And
the computational burden is reduced by using Cir-—
cular Lattice filter.
estimation part of other proposed methods, we can

By modifiying the input

get high-resolution spectrum with less computat-
ion and less memory compared with other Lattice

methods.
Some computer simulations are performed.
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