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A Study on the Voiced. Unvoiced, and Silence Classification of Speech Signals
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Dept. of Electronic Eng. Yonsei University

Abstract

In this paper, we describe a new algorithm for deciding whether a given segment of a signal is
classified as voiced speech, unvoiced speech, or silence.
The excitation is represented by one of the two states: Voiced-more or less periodic, produced by
vibration of the vocal cords, or unvoiced-noise-Tike, produced by forcing air past some constriction
in the vocal tract.
The measured parameters for the voiced-unvoiced classification are the PARCOR(Partial Autocorrela-
tion) and LPC(Linear Predictive Coding).
The employed parameters for the unvoiced-silence classification, also, are each of ZCR{Zero-Crossing
Rate) and MAG(Magnitude) during four milisecond interval.
A classifier is obtained which, in 1imited tests, achieves 96.5 Percent classification accuracy on
speaker dependent test, and 95 Percent accuracy on speaker independent tests.
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