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The Hadamard matrix is a symmetric matrix ma- energy } 244 data °f Fg(variance * o

de of plus and minus ones as entries. Therefore

the use of Hadamard transform in the image process-

ing requires only the real number operations and
results in the computational advantages. Recently,

however, certain degradation aspects have been re-
ported. In this paper we propose a WH matrix whic-
h retains the main properties of Hadamard matrix.
The actual improvement of the image transmis—
sion in the inner part of the picture has been de-
monstrated by the computer simulated image develo—

pments. The orthogonal transforms such as Hadamar—

d transform offers a useful facility in the digital
signal processing. As the size of the transmission
block increases, however, the assignment of bits

for each data must increase exponentially. Thus
the SNR of the image tends to decline accordingly.

As an attempt to increase the SNR, we propose the
WH matrix whose elements are made of %1, 2, 13,

#h4, and the unitform is 8x8 matrix.
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